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Arguments for DeiT



Research Impact

« Arguably, the DeiT paper had a larger impact on the
visual recognition community than the T2T-VIT paper.
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Empirical Insights

* The paper presents many thorough empirical studies, valuable
for advancing the state-of-the-art in vision transformers.
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Very Strong Results

ol image LoNet | Real V2
Netwark parim.  size im's wp-l | top-l tap-|
ResNet- 18 I2M 224 44384 | 698 | 773 S
ResNet-50 25M 224 12260 | 762 | s25 633
ResNet 101 4SM 224 736 | 7Ta | 837 657
ResNet-152 GUM 221 5264 | W3 | 841 60
RepNelY-4CF+ 2IM 224 11567 | BOO | 864 694
RegNetY 3G+ 39M 224 S916 | ALY | 874 708
RegNetY-16GFs SAM 224 3347 | 829 | s8] 724
EflicientNet-B0 SM 224 26043 | 770 | 835 643
EfficientNzt-B | SM 240 16625 | 191 29 469
EflivientNet-B2 oM 26D 12557 | BOQ | S59  6KS
FfficientNat-H3 M a0 120 | 816 | 868 06
FfiicientNat-R2 WM 28D 94 | 29 | S8 T3
EllicientNet-B5 UM 456 1691 | B34 | SB3 736
FfficientNet-Ré 43IM B2 060 | 840 | 888 739
EllicientNet-B7 66M  EOD 55.1 | 843 . .
CficientNst DSRA  3M 458 96.9 | 817 . )
EfficicatNet-B7 RA - 66M 60D 551 | 847 : .
KDlutAA-BS STM 50D 252 | 858 | . ;
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Deil-B1254 siM o ss1 wso | wn) | wna the best ViT-B model (even if the ViT
DuiT-Tie 6M 224 25295 | M5 | s21 629 . . .
DeiT-Sa M 224 9362 | 812 | 868 00 IS pretralned on the massive JFT
DuiT-Ba STM 224 2908 | 34 | 883 T3z
DeiT-Ba ~ 384 M 384 858 | 845 | 890 748 d ataset) .
Transfarmers: maining | (0 epachs
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DeiT S3 22M 224 9362 | BL6 | STR  TLT
Deil-Ha SIM 224 209 | 842 | 887 T30
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Arguments for T2T-VIT



A More Elegant Solution

« T2T systematically identifies two major problems of ViTs
and proposes an elegant architectural solution to fix them.
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Better Results

« Compared to DeiT, T2T achieves higher accuracy without
large CNN models as teachers to enhance the ViT.

. Params MACs
Madels lopl-Acc (%)
(M) (G)
VIT-S/16 [ 1 7] 78.1 48.6 10.1
DeiT-small [56] 79.9 22.1 4.6
DeiT-small-Distilled [506] 81.2 221 4.7
E‘ZT—WT—M 815 21.85 43
T2T-Vil-147384 33.3 21.5 17.1
VIT-B/16 [ 17] 79.8 86.4 17.6
VIiTL/16[ 7] 81.1 304.3 63.6
T2T-ViT-24 82.3 64.1 13.8




Impressive Accuracy vs Cost Tradeoff

« Compared to ResNets or ViTs, T2T achieves much
better results for the same or even lower computational
complexity.

Accuracy vs. MACs vs. Model size
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